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Abstract This report proposes a method for segmenting a wedding video into scenes according to events by using
visual and audio features. Recently, there is a demand for a technique to efficiently browse specific event scenes such
as bridal couple entering, cake-cutting in a wedding ceremony and party. However, it is difficult to classify wedding
video scenes into events due to various styles and effects of the events especially in a wedding party. Therefore we
classify a wedding party video into several events by matching the wedding party video to its scenario using visual
and audio features. Experimental results demonstrate the effectiveness of the proposed method.
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