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Abstract Recently, pedestrian detection from in-vehicle camera images is being focused. However, it is di cult to
detect pedestrians accurately due to the variety of their appearances caused by various environmental factors such
as time, weather, season, and location. To deal with changes of pedestrians’ pose and environment, most existing
methods that makes use of their appearances require the preparation of a lot of pedestrian images manually. How-
ever, it is di cult to provide training images considering all possible environmental factors. To tackle this problem,
we propose a method to make a pedestrian detector adaptive to a driving environment by collecting training images
from in-vehicle camera images. We focused on the variety of the appearance per location that primarily a ects the
accuracy of pedestrian detection, and built an environment adaptive pedestrian detector by collecting pedestrians
images and non-pedestrian images in each driving location. In evaluation experiments assuming ideal adaptation to
the environment, we con rmed the e ectiveness of the method conpared to existing methods.
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