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Abstract Results of pedestrian detectors from in-vehicle sensors still have room for improvement in real environ-
ments. Therefore, we have proposed estimation systems on the reliability (e.g., probability of oversight and misde-
tection) of pedestrian detection adaptive to surrounding environmental conditions. We expect to obtain integrated
detection results that compensate for the strong and weak points of each sensor by referring to such reliabilities.
This report presents a preliminary study on the construction method of the integrated detector referring to the
reliabilities adaptive to surrounding environmental conditions.
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