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Abstract Recently, traffic sign detection and recognition from in-vehicle camera images have been widely studied.
However, a traffic sign detector requires a large number of training samples of traffic signs with various appearances
to obtain higher performance. The main contributions of this paper are the extension of the Co-training method by
introducing a weighted voting scheme, and the introduction of this framework for improving the accuracy of traffic
sign detection. By using this weighted voting type Co-training, the proposed method gathers traffic sign samples
automatically and accurately, which improves the performance of the traffic sign detector. Experimental results
showed that the proposed method improved the accuracy of the detector with a maximum F-measure of 0.841 from

0.628.
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