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Abstract In this report, we propose an estimation method of pedestrian detectability which considering visual
adaptation to lighting changes. There are some studies on pedestrian detectability estimation to develop Advanced
Driving Assistance Systems. However, these studies do not deal with extreme lighting changes which cause the
degradation of detection performance by the driver. We assume that driver’s visual charasteristics change in pro-
portion to the adaptation duration after lighting change, so we construct some estimators corresponding to the
duration. The proposed method estimates the pedestrian detectability by switching them according to the dura-
tion. To evaluate the proposed method, we first constructed an experimental environment to present a subject such
lighting changes and then conducted an experiment to measure and estimate the pedestrian detectability according
to the adaptation duration.
Key words ITS, Driving Assistance, Detectability, Ambient Light, Visual Adaptation
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