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Abstract In Japanese, Gaits are expressed by various onomatopoeias according to their appearance. Previous

study implied relative body-parts movement imagined onomatopoeias when we look gaits. On the other hand, it is

thought that onomatopoeia has sound-symbolism and its phoneme has relation to an impression imagined. Thus,

in this report, we aim to describe an ability gait by onomatopoeias using the relationship between phoneme and

relative body-parts movement.
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